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Abstract

Learning and teaching the Quran is the most important science for Muslim. The teacher
and learner in this area they should have the provisions of tajweed rules when reading the
Quran. This research will present a speech recognition system to recognize, identify and
correct the rules of Madd (elongate tone) or prolongation for Qira’at of HAFSS. The
proposed system will be capable to recognise, identify, point out the mismatch and
Discriminate between two types of madd which are: The Soft Lengthening il aadf and The
Exchange Prolongation Jadl aalt  rules for Hafss for the verses contains the two rules which
made by the expert teachers stored in a database. In addition, in this research used Mel-
Frequency Cepstral Coefficient (MFCC) and Hidden Markov Models (HMM) as feature
extraction and feature classification respectively.

Keywords: speech recognition, Tajweed, MFCC, HMM
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